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Abstract: The goal of attribute reduction is to eliminate redundant and irrelevant attributes. It is the basis of optimization
processing and knowledge discovery. It plays an important role in the research of neighborhood probabilistic rough sets. Firstly, based
on the accuracy of neighborhood probability approximation, the related definitions of attribute reduction and attribute importance are
proposed. Secondly, the heuristic algorithm of classification attribute reduction is constructed by using attribute importance. Finally,

an example is given to illustrate the effectiveness of the algorithm.
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