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Design of a TensorFlow Based Facial Recognition System
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Abstract: This paper designs a TensorFlow based facial recognition system. This system uses deep learning convolutional neural
networks for facial image processing, which can automatically recognize faces and provide facial recognition services. The focus
of this article is on optimizing facial recognition algorithms and improving system performance and stability. Firstly, several model
algorithms were designed based on commonly used facial recognition algorithms, and analyzed and compared to select algorithms
with high accuracy and good stability. During the experiment, various evaluation indicators were used to evaluate the performance
and accuracy of different algorithms. The results indicate that the designed deep learning based algorithm has high accuracy and
stability in face recognition in the environment where the system is implemented. Subsequently, the performance and stability of
the model were analyzed. On the basis of the optimal model, adjust and optimize the model parameters to effectively improve the
performance and stability of the system. Finally, a complete facial recognition system was designed based on the optimal model and
parameters mentioned above, and practical testing was conducted. The results indicate that the system has high accuracy and stability

in face recognition.
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ConvNet Configuration
A B D E
9 weight layers 11 weight layers 12 weight layers 13 weight layers
input(64 X 64 RGB image)
conv3-32 conv3-32 conv3-32 conv3-32
conv3-32 conv3-32 conv3-32
maxpool
dropout(0.25)
conv3-64 conv3-64 conv3-64 conv3-64
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maxpool
dropout(0.25)
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conv3-128
maxpool
dropout(0.25)
flatten
FC-256
dropout(0.5)
FC-4
soft-max
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