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Abstract: Matrix singular value decomposition is an algorithm widely used in machine learning. It can not only be used for feature
analysis in data dimensionality reduction algorithms, but also for data processing in recommender systems and natural language
processing. It is the basis of many machine learning algorithms. This paper describes the principle and development process of matrix

singular value decomposition in detail. Based on this method, some corresponding data compression algorithms can be constructed,

which has certain applications and theoretical research values.
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