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Abstract: In the Internet age, a large number of information records of users’ network usage have been collected, and the analysis
of users’ network usage behavior is a hot spot in current artificial intelligence research. The existing recommendation algorithms have
some shortcomings, such as low accuracy of personalized recommendation to users and difficulty in processing multi-channel data.
We propose a unified framework for processing typical three-channel data (users, items, ratings) of recommendation system, which is

expressed by a third-order tensor, and the implicit semantic mining and dimensionality reduction are carried out by using high-order

singular value decomposition technology. The proposed algorithm has great practical value.
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